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Fig. 1 BP neural network exercise algorithm
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Fig. 3 Matte cycle prediction value and

practice value of copper-matte converting endpoint
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Table 1 Simulation test indicatrix of

prediction model

M inimum
relative
error/ %

M aximal
relative
error/ %

Average
relative
error/ %

Exercise
times

Specimen

Specimens
number

Exercise 70 1. 48

specimens

6.86(No.4) 0.02(No.10) 4290

Verification 4 1.20  3.97(No. 83) 0. 11(No.91)
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Converting furnace endpoint prediction model based on

neural network and adaptive error compensation

MEI Chi, HU Zhrkun, PENG Xiao-qi, YAO Jun-feng, HU Jun
( Department of Applied Physics and Heat Engineering,
Central South University of Technology, Changsha 410083, P. R. China)

[ Abstract] The effect of mass initialization, variables pretreatment, adaptive adjustment of parameters and structure of network on

exercvse and generalization was discussed in detail. An improved BP neural network exercise algorithm which was developed to greatly

improve its efficiency was proposed, and a grouping prediction model based on the neural network algorithm with 8 input variables and

error compensation of linear regression were developed. For simulating test, the average error of the model is 1. 2% , and the maximal

error of the model is 4% .

[ Key words] converting furnace; neural network; endpoint prediction; linear regression
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