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Fig. 1 Simulation result of neural network model
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Predicative model based on neural network and gray theory for
imperial blast furnace breathing capacity

TANG Zhao-hui, GUI Werhua, WU Min, CHEN Xiao-fang

( College of Information Science & Engineering,

Central South University, Changsha 410083, China)

Abstract: Based on gray theory and neural network, the breathing capacity predication model of an imperial blast furnace was con-

structed by self-adaptive integration technology according to the melting process in an imperial blast furnace. Simulation and industry

application results show that the predictive model can realize accurate predication of the breathing capacity for imperial blast furnace,

which leads to a notable increase of plumbum and zinc output.

Key words: imperial blast furnace melting process; breathing capacity; predictive model; neural networks; gray theory; self-adap-

tive fuzzy combination

(4miE =Z=48M)



