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Table 1 Research examples and methods for prediction of seafloor polymetallic sulfide resources
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Prediction of seafloor polymetallic sulfide resources:
Methods and consideration

SHEN Fang"?, HAN Xi-qiu"*”, LI Hong-lin’, WANG Ye-jian’

(1. Ocean College, Zhejiang University, Zhoushan 316021, China;
2. Key Laboratory of Submarine Geosciences, Second Institute of Oceanography,
Ministry of Natural Resources, Hangzhou 310012, China;
3. School of Oceanography, Shanghai Jiao Tong University, Shanghai 200240, China)

Abstract: The seafloor polymetallic sulfides are important mineral resources available for human development and
utilization in the future. Due to the complex submarine environment and tremendous exploration costs, it is
significant to use metallogenic theory for resource prediction. In this study, the exciting methods for predicting
prospective area of polymetallic sulfide were reviewed. Through analyzing the characteristics of each method and
prediction methods for volcanic-hosted massive sulfide resources, the prediction of polymetallic sulfide resources
with application of Carlsberg Ridge was discussed. First, the prediction methods of polymetallic sulfide resources
should be selected reasonably, based on the degree of exploration, the accuracy and coverage of data, as well as the
characteristics and applicability of methods. Second, the combined prediction methods of knowledge-driven and
data-driven, and deep learning algorithm can be considered for polymetallic sulfide resource prediction to improve
the accuracy and efficiency by solving the problems of insufficient known deposits, small samples, data missing,
data coupling, subjective and objective errors. Third, the reliability of polymetallic sulfide resource prediction can
be evaluated by comparing the results of methods with different principles for predicting metallogenic prospective
area.
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